EZFEN 2024 5 4 A5 34 B85 4 H] New Medicine, Apr. 2024, Vol.34, No.4 473

AT B REEMREI R BT PR
I 3T R

ruM, £ F, K R

HEEEAFE -WEERREZHFA (X 400038)

(?ﬁﬂ_%] i N T2 HE (artificial intelligence, Al )V ARTE B AR BRIz IRYT .
TR v R PR K R, AT AR IS v A 7 P Bk B2 B AATT Y 56T A s e T
¥ (acute—on—chronic liver failure, ACLF ) J&—FP 2505 KT8 i LA AT 2t T3 e
WA RIERBAE, A S E W, RIS, PRI, HERPPAS IS I 2 5
TNk ACLF S PR e IH 2 OCHE 2, )R T ACLF 5 AHOC BRI &R K Iy A i
FHFIUS PEo AL B — L S AU i) SC PR, HL AT 7E ACLF 19955 5000 v i1 1l
IROMEE A HIE . A SCE A F R ALTE ACLF T f5 P e g i, B 7E 85 Bl
PREEA: T o B AOAE SR, b ACLF $5 T T A 20 B pt i FEL o

[fim ] A TRRE: Mnatkiregs; BUG; P

Progress of the artificial intelligence application in prognosis assessment of
acute-on-chronic liver failure

GONG Hongmei, MAO Qing, JIANG Li

Department of Infectious Diseases, The First Affiliated Hospital of Army Medical University,
Chongqing 400038, China
Corresponding author: JIANG Li, Email: kk13637932340@126.com

[ Abstract)] With the rapid development of artificial intelligence(AI) technology in
healthcare, disease diagnosis, and treatment and prevention, the application of Al in liver
diseases is gaining increasely attention as well. Acute-on-chronic liver failure (ACLF) is a
multifactorial syndrome characterized by acute decompensated liver deterioration of chronic
liver disease, accompanied by organ failure (not only liver failure or extra-hepatic organ failure),
with a high short-term mortality rate. Early detection, accurate assessment of prognosis and
early intervention are essential to improve the clinical outcome of ACLF patients. Although
studies on prognostic factors of ACLF and common prognostic scoring models at home and
abroad have been the focus of attention in the field of liver disease, the clinical value of Al in the
diagnosis and prognosis prediction of ACLF has rarely been reported. This paper focuses on the
application of AI in the prognosis prediction and evaluation of ACLE, aiming to help clinicians
understand the framework of the latest model and provide new ideas for the prognosis
prediction model of ACLE.
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Table 1 Commonly used prognostic scoring models for ACLF in China
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Table 2. Common terms and definitions in the Al field
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